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def set_model (model) :
model. config. apply_spec_augment = True
model. config. mask feature prob = 0.1
model. config. mask time prob = 0.1
return model

BT R 7 A
Frequency masking: m&F—ASMAO0R] IR F & dk 5 K F69 3 5 A b 691Af, RGERGEL I RIMFEE [, f,+ 1),
A0, v—NF &, vEMERAFEREGRE,
Time masking: #Z&F—/NIK02] B 18] 36 8 52T 893 8 A P a9 {aL, ARG B RGE SR Tt t, +1), EFt A0, 7 —0)F
HAF, RNE P E,

UE il Ao 3 PR A A AL AR AN 52 0] 2 o S ARG AFAE, XTI @ISR B Ao TSR AR 3. AL e AR AE G S AR, U
B TR B ORFI N, LAFERAERNTHEERIL AT,

[1] Park D S, Chan W, Zhang Y ,et al.SpecAugment: A Simple Data Augmentation Method for Automatic Speech Recognition[J]. 2019.D0I:10.21437/Interspeech.2019-2680.
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Mixup/2 22 Mixupi® id £ B AR A Z 18] 347 5 48 &R A0 337 09 B A Ao o R Foa 2 Rk B D5
AR, ARG Z A PRGN E E, WA EHEATALTAL = Ax + (1 — Dxjo
P G s MU(ERM) A 9] s AE Sk, AT SR IMERMAE &3t & — AN R TELoss, H AR
WA R S agke A, B 52 & “Memorize”, X A=“Generalize” 4837 .
MiXuUp A2 X T AR G SEAT AL s MiXup¥E 5% T a9 AL T AZ T AR/ 1E AT A2 18 A6 & DNMLERM &) —
iz, FRALARARNG R D, MRIBALTAE RN

Retiixup () = Exy)~u L6, )]
HoP AR R R, LRIK KK, pRMIXUpLE AR Y B AF A 69 257
A AP AR A0 AR . TSRS AR AR I A AR R B e ) 6958 S A R B A B A R A AR A
Mixupill iT S aA% B A A N2 ) b -Fig AL, ARe T AMAN S B F A R NGRS TR, T AR
SR R o T AT HUE S, MixuptEAR 89 & T AR TR (X +08) = f(X).
ZEit s Mixup L EHREFINGS, RTRINGHEEGALR R, IELLR T IMET .

[2] Zhang H, Cisse M, Dauphin Y N, et al. mixup: Beyond empirical risk minimization[J]. arXiv preprint arXiv:1710.09412, 2017.
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if np. random. rand() < 0.1:
wave = clip(wave) # ZE
if np. random. rand() < 0.1:
wave = echo(wave) = &4
if np. random. rand() < 0.2
wave = add_noise(wave) # J7&E
if np. random. rand() < 0.2
wave = resample (wave) = &H7
if np. random. rand{) < 0.05:
wave, label, mixent = pitch_shift(wave), 0, 1 # &9
if np. random. rand() < 0.03:
wave, label, mixent = speedup(wave), 0, 1 # ZE
# mixup¥3E
if len(wave) <= 5 * 16000 and mixcnt == 0 and np. random. rand() < 0.3:
mixent = np. random. randint (1, 4)
for _ in range(mizent)
if len(wave) »= 15 * 16000:
break
if np. random. rand() < 0.8
pos = get_data(inputs, labels, mixups, 1)
wave = mixup(wave, pos)
else:
neg = get_data(inputs, labels, mixups, 0)
wave = mixup(wave, neg)

label = 0
ERM mixup
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MixupA=ERM#} kb 7= & B [2]
*%E %,: Class 0. 7 &.: Class 1. i &.: 3] 2 A 069 X 5%
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while len(wave) »= 15 % 16000:
wave = clip(wave)
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[3] Vaswani A, Shazeer N, Parmar N, et al. Attention is all you need[J]. Advances in neural information processing systems, 2017, 30.
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Whisper-base-fp64

Whisper-small-fp64 244M
Whisper-large-fp64 1550M
Whisper-small-fpl6 244M
Whisper-small-attn-argument 244M
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